
08:30 PST 10 mins Introduction to commonsense knowledge (Filip)
08:40 PST 25 min Part I - Axiomatization of commonsense knowledge (Mayank)
09:05 PST 40 min Part II - Consolidating commonsense knowledge (Filip)
09:45 PST 15 min Break

10:00 PST 45 min Part III - Extracting and contextualizing commonsense knowledge (Simon)
10:45 PST 45 min Part IV - Language models, QA, and evaluation challenges (Antoine)
11:30 PST 15 min Way forward: KGs+LMs+axioms? (Filip)
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age#n#1
appearance#n#1
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color#n#1
disposition#n#4
emotion#n#1
feeling#n#1
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temperature#n#1
trait#n#1
weight#n#1







Mapping from Mapping to Relation Resource used

WordNet 3.0 senses WordNet 3.1 senses mw:SameAs Interlingual Index 
(ILI) 

lexical nodes in ConceptNet lexical nodes in 
ATOMIC and ROGET

mw:SameAs /

ConceptNet nodes FrameNet LUs mw:SameAs Predicate matrix

ConceptNet concepts FrameNet FEe mw:HasInstance rule-based system

Wikidata Qnodes WordNet senses mw:SameAs XLNet-based 
description similarity



Consolidated Knowledge Graphs

ATOMIC (Sap et al. 2019)

Wikidata (Vrandecic and Krotzsch 2014) WordNet (Miller 1995)

ConceptNet (Speer, Chin and Havasi 2017)

Visual Genome (Krishna et al. 2017)

CSKG (Ilievski et al. 2020)









AT CN FN RG WN WD VG CSKG 
(concat)

CSKG

#nodes 304,909 1787373 15,652 71,804 91,294 71,243 11,264  2,414,813 2,160,968

#edges 732,723 3,423,004 54,109 1,403,955 111,276 101,771 2,587,623 6,349,731 6,001,531

#relations 9 34 23 2 3 15 3 59 58

mean 
degree 

4.81 3.83 6.91 39.1 2.44 2.44 459.45 5.26 5.55
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Main Results

● Pretraining on artificial QA sets helps accuracy



Main Results

● The impact of knowledge depends on KG-task alignment

● Adding knowledge improves accuracy
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fn:lu:sensation:scene FN

fn:lu:locale_by_event:scene FN

fn:fe:scene FN

Q7430735 WD

Q67943498 WD

Q16675888 WD

Q1185607 WD

Q282939 WD

/c/en/scene/n/wn/location CN, WN

/c/en/scene/n/wn/event CN, WN

/c/en/scene/n/wn/cognition CN, WN

/c/en/scene/n/wn/artifact CN, WN

/c/en/scene/n/wn/state CN, WN

/c/en/scene/n/opencyc/scene_dramatic CN

/c/en/scene/n/opencyc/image_space CN

/c/en/picture/n/wn/state CN, WN

/c/en/scene/n CN

/c/en/scene CN

/c/en/scenery/n/wn/artifact CN, WN

Node label: scene
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